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2. BiologicalProblem

What molecular mechanisms and
genetics processes are involved?
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2. BiologicalProblem

Meiotic SexChromosomednactivation(MSCI)
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2. BiologicalProblem
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3. LargescaleData

How to count the number of MRNA molecules for each
gene in a cell?

Microarray: A chip containing small pieces of DNA
corresponding to all Drosophila genes
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Meiotic SexChromosomednactivation(MSCI)
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4. Statistical Approaches

\

X Inactivation occurs when
the difference in activity
(meiosis-mitosis) in X is g = gene expression /activity
lower than the difference in
activity in autosome.
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4. Statistical Approaches

For chromosome (X or A) and gene , Blieates are measur
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4. Statistical Approaches

How do biologists usually approach this problem?

APPROACH 1.

Identify differently expressed genes
based on 2 fold intensity differences
(based on homotypic experiments);

APPROACH 2:
Identify differently expressed genes
by controlling type | error;

APPROACH 3:
Identify differently expressed genes by
controlling false discovery rates;

spermatocytes - In{intensity)

APPROACH 4:
Hierarchical Bayes.

4 b o 10 12 14

apical tip - In{intensity)
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How do biologists usually approach this problem?

APPROACH 1,2 o0r 3
Identify differently expressed genes

Expression
Under expressed
Equally expressed
Over expressed
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|

Counts
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15099
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D Two Fold Change Method
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